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Local homeoprotein diffusion can stabilize boundaries generated

by graded positional cues
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ABSTRACT

Boundary formation in the developing neuroepithelium decides on
the position and size of compartments in the adult nervous system. In
this study, we start from the French Flag model proposed by Lewis
Wolpert, in which boundaries are formed through the combination
of morphogen diffusion and of thresholds in cell responses. In
contemporary terms, a response is characterized by the expression of
cell-autonomous transcription factors, very often of the homeoprotein
family. Theoretical studies suggest that this sole mechanism results in
the formation of boundaries of imprecise shapes and positions. Alan
Turing, on the other hand, proposed a model whereby two morphogens
that exhibit self-activation and reciprocal inhibition, and are uniformly
distributed and diffuse at different rates lead to the formation of
territories of unpredictable shapes and positions but with sharp
boundaries (the ‘leopard spots’). Here, we have combined the two
models and compared the stability of boundaries when the hypothesis
of local homeoprotein intercellular diffusion is, or is not, introduced in
the equations. We find that the addition of homeoprotein local diffusion
leads to a dramatic stabilization of the positioning of the boundary, even
when other parameters are significantly modified. This novel Turing/
Wolpert combined model has thus important theoretical consequences
for our understanding of the role of the intercellular diffusion of
homeoproteins in the developmental robustness of and the changes
that take place in the course of evolution.

KEY WORDS: Morphogenesis, Homeoprotein diffusion, Boundary
formation, Stability

INTRODUCTION

The specification of territories in the nervous system relies on the
precise positioning of boundaries between different functional areas
(Flanagan, 2006; Kicheva et al., 2012; Kiecker and Lumsden, 2005).
Each territory is characterized by the expression of a specific
combination of molecular marks, including transcription factors
(TFs), before developing into areas endowed with specific functions
(O’Leary et al., 2007; Zilles and Amunts, 2010). The emergence
of compartments in the cerebral cortex or in the spinal cord is
a paradigmatic example of this process. From a theoretical
perspective, the specification of territories in the nervous system is
a particular instance of the general phenomenon of patterning. Alan
Turing provided the first theoretical model of how patterns form. In his
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1952 seminal article ‘The chemical basis of morphogenesis’, Turing
explains how reaction-diffusion properties of two morphogens, in the
presence of a catalyst, can lead to the emergence of heterogeneities,
even if the tissue is initially homogeneous (Turing, 1952; see Fig. 1
for a schematic description of the model). This universal pattern
formation mechanism through Turing instabilities has become
increasingly popular in the developmental biology community
(Kang et al., 2012; Marcon and Sharpe, 2012; Sheth et al., 2012;
Raspopovic et al., 2014; Xu et al., 2014). In Turing’s model and its
enriched versions, in particular those proposed by Meinhardt and
Gierer (2000), the interaction ofa limited number of molecular species
can create regular spatial patterns, provided that they exhibit different
diffusion constants and have auto-activating and reciprocal inhibitory
properties. In all cases, Turing-like mechanisms alone do not lead to
the emergence of predictable shapes.

Another popular patterning mechanism has been proposed by
Lewis Wolpert (1969) with the concept of Positional Information
(PI). This model, also known as the French Flag model (FFM),
requires a continuous morphogen gradient and the existence
of thresholds, see Fig. 1. A typical abstract example is the
differentiation of cells into blue, white and red populations when
exposed to high, intermediate or low morphogen levels (i.e. the
FFM), each territory corresponding to the expression of specific
genes, in many cases transcription factors (TFs) that define specific
areas within the neuroepithelium. This model has since evolved
considerably to take into account the complexity of the cellular
environment (Hornung et al., 2005; Kerszberg and Wolpert, 2007,
Lander, 2007; Xiong et al., 2013).

If one compares the two models, Turing’s model allows the
formation of precise and neat boundaries but suffers from the absence of
a historical pre-patterning that leads to a lack of reproducibility in their
positioning. By contrast, the PI model provides a pre-pattern that
constrains the positioning, but suffers from fuzziness, owing to an
uncertainty in the morphogen concentration at which a threshold
appears (especially when the morphogen slope is shallow). This
represents a serious difficulty, as discussed by Gregor and colleagues
(2007a). In addition to the positioning of boundaries, one has to
consider the fate of misplaced cells not expressing a TF combination
corresponding to their territory. Because, in Pl models, each cell ‘works
foritself’, cells close to thresholds may differentiate into different types,
leading to a salt-and-pepper pattern in the region of the boundary. In the
most parsimonious version of the model (no other mechanism added),
the only solutions are migration or death of misplaced cells (Kieckerand
Lumsden, 2005; Xiong et al., 2013), requiring additional mechanisms
and information to regulate cell migration/guidance and/or death.

It might thus be useful to verify whether recent findings in
developmental biology may permit the reconciliation of the
advantages of the two models. In vertebrates, the most popular
illustration of the PI theory is provided by the compartmentalization of
the neural tube in response to the diffusion of the ventral and dorsal
morphogens sonic hedgehog (Shh) and bone morphogenetic protein
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Fig. 1. Different models of cell differentiation. Pure gene competition with small diffusion in the absence of spatial cues classically yields Turing patterns
composed of unpredictable abutting territories, while the Pl model by Wolpert shows a fixed global patterning driven by the morphogen gradients but with
imprecise salt-and-pepper boundaries. The combination of the two phenomena yields precise and predictable patterning.

(BMP), respectively (Ribes et al., 2010; Dessaud et al., 2010). A
continuous gradient activates ventral and dorsal genes, and territories
are formed that express distinct TF subsets (Ashe and Briscoe, 2006;
Dessaud et al., 2010, 2007; Kiecker and Lumsden, 2005). In this
model, differentiation is based on the almost general rule that within a
developing neuroepithelium, each side of a boundary expresses a TF,
in most cases a homeoprotein (HP) transcription factor, which
amplifies its own expression and represses that of its counterpart (on
the other side). This is illustrated, among many other examples,
by the Pax6/Nkx2.2 dorsoventral boundary and the Otx2/Gbx2
anteroposterior boundary in the neural tube, or the Emx2/Pax6
boundary in the cortex (Briscoe et al., 2000; Brodski et al., 2003;
Joyneretal., 2000; O’Leary etal., 2007). An important novelty of this
study is to introduce in the calculations the intercellular transfer of HPs
allowed by two short peptidic sequences present in their DNA-
binding domain (Spatazza et al., 2013a,b; Joliot and Prochiantz, 2004;
Sugiyama et al., 2008; Wizenmann et al., 2009; Kim et al., 2014;
Miyata et al., 2012; Yoon et al., 2012).

Direct communication between nearby nuclei in the context of cell
assemblies is reminiscent of the studies where direct morphogenetic
functions were attributed to transcription factors diffusing in the fly
embryo at the syncytial stage (Driever and Niisslein-Volhard, 1988a,b).
The parallel is made even more striking by recent studies
suggesting that such local diffusion between nearby nuclei
represses developmental noise, allowing the precise positioning of
transcriptional domains (Gregor et al., 2007a,b). It is not usual to
think of a transcription factor as a morphogen, and if Bicoid was
easily labeled ‘morphogen’ in spite of being a HP transcription
factor, it is rather because of'its graded expression and of the fact that
the Drosophila embryo is a syncytium that allows Bicoid direct
transfer from nucleus to nucleus. Therefore, the similarity between
the Bicoid model and our own hypothesis is limited to the fact that
HP diffusion is involved. Indeed, Bicoid in the fly is a morphogen,
as defined by Wolpert, whereas, in our model, HPs are morphogens
by Turing’s definition.

Indeed, their intercellular transfer added to self-amplification and
reciprocal inhibition properties may convey to HPs the quality oflocal

Turing’s morphogens. In that sense, nature may have combined
Turing’s morphogen diffusion (HPs) with PI provided by classical
morphogen gradients (e.g. Shh). This reasoning is at the basis of the
parsimonious model presented in this study that takes into account the
presence of morphogen gradients, as in the PI theory, but also
incorporates a Turing-like mechanism based on the local diffusion of
HP transcription factors (see Fig. 1). A major and counterintuitive
finding of our study is that, even in the limit of infinitesimal diffusion,
HP transfer across cells is sufficient to ensure precise boundaries with
reliable location. Beyond the case explored here in the context of
neural development, this study has led to us to discover an important
mathematical property, universal in systems with competing species
subject to diffusion, as shown in another study (Perthame etal.,2014).
This paper does not present these formal mathematical details, but
illustrates this theory with one minimalistic example that can be
precisely analyzed mathematically and simulated. In conclusion, it is
demonstrated that the addition of the simple property of HP transfer
integrates a local Turing’s mechanism within the PI model first
proposed by Wolpert and provides a very parsimonious model for the
formation of precise and stable boundaries.

RESULTS

We propose a model that takes into account the basic mechanisms at
play during neuroepithelium development when different
combinations of genes are expressed in abutting differentiating
domains, including HPs, that dictate the morphological and
functional fate of territories (Kiecker and Lumsden, 2005).

The simple and parsimonious model that we propose is
schematically represented in Fig. 1. It considers that the
differentiation between two areas, 4 and B, is driven by the
dynamic competition between the expression of two homeogenes
associated with distinct HPs: 7, and 7. Three important processes
propel this mechanism:

1. The presence of one or several morphogens that form

gradients along the developmental axis.

2. The competition between the different HPs through

autocatalytic activation and reciprocal inhibition.
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3. The activity of non cell-autonomous HPs captured from the
closest neighboring cells (up to three cell ranks) through
extracellular diffusion.

As the neuroepithelium develops, epigenetic phenomena take
place and modify the homeogene expression repertoire by favoring
those that are the expressed the most. Eventually, a classical self-
limiting process, such as saturation within the cell, imposes a
plateau to gene expression.

All these phenomena provide a well-defined equation for the
evolution in time of the HPs in each cell. We provide the detailed
mathematical model in the Materials and Methods. Overall, the
model qualitatively depends on only three effective parameters
that are the ratio of (1) the autocatalytic activation rates, (2) the
saturation/inhibition rates and (3) the extracellular diffusion rates.

The problem of boundary formation and stability consists in
determining: (1) whether the piece of neural tissue clearly splits into
separate regions in which cells either express 7 or T; and (2) the
site where this partition takes place as a function of initial conditions
and the stability of the boundary position upon random parameter
variations.

Ambiguous boundary in the absence of non cell-autonomous
processes

In the absence HP diffusion, the behavior of each cell is governed
by an autonomous equation (independent of the behavior of the
other cells) that depends on the local concentration of morphogen.
Within each cell, homeogenes compete for expression, and the
outcome of this process is that the ‘winner-takes-all’: one TF will
be expressed at the expense of the other that eventually disappears.
The differentiation of a cell into A or B depends on their position
within the morphogen gradient. We demonstrate that in the
regions where the expression of one HP (e.g. 7,) is highly
promoted by the morphogen gradients, the cells can only
differentiate into type A: morphogens ‘select’, in these regions,
the winner (see Model in the supplementary material). However,
in the regions of intermediate concentrations of morphogen, the

cells can differentiate into A or B, and the fate of one cell is
governed by initial concentrations of HPs and the transcriptional
noise. In other words, there exists a non-trivial set of morphogen
concentration levels in which the system has a stochastic
patterning. In a differentiating tissue, the region corresponding
to these morphogen concentrations is ambiguous: the system
displays an exponential number of possible stable differentiated
states. (If there are £ cells in the ambiguous region, each cell can be
of type 4 or B independently, therefore the total number of
possible solutions is equal to 2%.)

The sensitivity of the differentiation process within the
ambiguous region leads, in physiological noisy conditions, to an
unpredictable patterning, and the vast majority of the solutions
display an alternation between the two cell types, precluding the
definition of smooth boundaries between cells but rather leading to a
salt-and-pepper pattern. In the absence of additional processes
leading to cell reprogrammation, migration or death (Kiecker and
Lumsden, 2005), this salt-and-pepper regime is ubiquitous (see
Model in the supplementary material). This is a property of a wide
class of abstract models of cell differentiation, where systems of
competing species yield two winner-takes-all states that, except in
extremely fine-tuned situations, do not change stability exactly at
the same points in space, and hence are generally both stable in a
region of space defined as ambiguous.

This is clearly visible in the numerical simulations of a two-
dimensional tissue in Fig. 2: in the two cases, the initial randomness
persists in the final state, and the overall shape of the domain
dramatically depends on the choice of the initial condition. In all
cases, we indeed observe the salt-and-pepper type of boundary due
to the randomness in the initial condition. In order to illustrate this
sensitivity to noise and to initial concentrations, we present three
examples with no specific initial pattern, a partially differentiated
initial pattern or a fully differentiated initial pattern. The end state of
the differentiation process always show an imprecise boundary, and
we can see the dramatic dependence on the initial condition with, in
these three cases, a patterning that is globally very distinct.

Fig. 2. Ambiguous boundary in the absence of non cell-autonomous processes. Simulations of the system with distinct initial conditions (top row) in the
absence of HP diffusion o,=05=0. For each point, the combination of levels of morphogen gradients either corresponds to an univocal or to an ambiguous region
(see supplementary material Model and Fig. S1). We chose a simple two-dimensional square topology to illustrate the phenomenon with ga/gg=1, Sa/Sg=1
unitary parameters and linear morphogen gradients. (Top) From left to right: random initial values; structured initial values with a small predominance of T, in a
centered square; and a large predominance of T, (close to the steady state) in a rectangle that exceeds the ambiguous region. (Bottom) End state of the
differentiation process: two differentiated regions emerge with a fuzzy interface. When the initial condition shows a small predominance of T, a clear bias in this
region to A type is found and the salt-and-pepper interface persists. Important predominance of T, leads to a differentiation of all cells in the region into A cells
within the ambiguous region. A salt-and-pepper boundary persists away from the region of high initial 7.
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It can be concluded that in the absence of HP diffusion, different
steady-state solutions appear and remain stable. Moreover, the
differentiated domains are highly irregular and subject to
fluctuations upon variation of the initial conditions and parameters.

Unpredictable patterns in the absence of morphogen
gradients

We now discuss the behavior of a differentiating tissue within which
molecular species diffuse but in the absence of positional information
given by morphogen gradients. Turing was the first to suggest that the
diffusion of self-activating and reciprocal inhibitor elements is at the
basis of boundary formation (Turing, 1952). In order to support pattern
formation, the original Turing model makes the assumption that an
additional molecular species plays a catalytic role on the expression of
both of A and B. This molecular species contrasts with the graded
expression of the different morphogens of the PI model in at least two
aspects: it has a no spatial source, and therefore does not define any
preferred place in space for one species to be expressed; and it
promotes the expression of both A and B.

A major mathematical finding in this model is the now-called
Turing’s instability: when the rates of diffusion of the two species
are very different, several homogenous ‘winner-takes-all’ abutting
territories emerge at random places (the ‘leopard spots’, see Fig. 1).
The patterns so generated are unpredictable: they are highly
sensitive to noise and to initial conditions.

In our model, one can consider HPs as Turing’s self-activating and
reciprocal inhibitor species, and the morphogen showing a graded
expression along the differentiating pluricellular tissue (central in
Wolpert’s FFM) plays the role of Turing’s catalytic species. But it no
longer has a spatially homogeneous concentration. Its graded
monotonic expression will stabilize the Turing patterns, leading to
regular, predictable and highly reproducible boundaries between
distinct ‘winner-takes-all’ abutting territories, as we now show.
Moreover, in contrast to Turing’s instability, our model does not
necessitate that the competing species have different diffusion rates:

BMP source

Shh source

precise and smooth patterning arises as soon as both species have the
ability to diffuse.

Precise patterning for competitive systems with spatial cues
and HP diffusion

From the two above sections, we conclude that HP diffusion in the
absence of morphogen gradients (Turing) leads to unpredictable
patterning with clearly defined boundaries, while the presence of
spatial cues (positional information) in the absence of HP diffusion
(Wolpert) yields to a patterning predictable ‘at large’ but with
imprecise boundaries. Our model combines both spatial cues
(external morphogen gradient) and HP diffusion across cell
membranes. The classical morphogen in the Wolpert’s definition
(e.g. Shh) creates zones of expression of distinct HPs (the ‘French
Flag’) with blurred and unstable boundaries, and HPs are now
locally diffusing secondary morphogens in the Turing’s definition
(self-activation and reciprocal inhibition). These two processes,
when combined, lead to smooth and predictable pattern formation
and the location of the boundary is very robust to random
fluctuations of the initial conditions and parameters, even at very
low diffusion levels. This is a surprising property of the equations.
Indeed, this stabilization takes place for arbitrarily small values of
the diffusion constants, meaning that most solutions present in the
case 0,4= 65=0 disappear in favor of a unique solution with precise
front location. This stabilization property is mathematically
demonstrated in our study on general models of competitive-type
systems driven by monotonic gradients (Perthame et al., 2014).

In order to illustrate this phenomenon, simulations of the system
are provided in Fig. 3. For the sake of consistency with the
biological problem, we performed the simulations adopting the
topology of a neural tube. Two sources (representing Shh and BMP,
for example) are fixed at the floor plate and roof plate, respectively,
and free diffusion was simulated to form the gradients. The BMP
source was arbitrarily chosen as being stronger than the Shh source
(ratio 3:2), and initial HP concentrations were chosen close to zero,

i T

Fig. 3. Precise patterning for competitive systems with spatial cues and HP diffusion. (Left) Simulation of a ‘neural tube’ with Shh (floor plate) and BMP (roof
plate) morphogen sources. Gradients are formed through morphogen diffusion; symmetry is broken by considering a BMP gradient larger than Shh (ratio between
BMP and Shh 3:2). The absence of HP diffusion leads to a salt-and-pepper boundary, whereas the presence of HP diffusion (c,=c5=10"2) makes the boundary
sharp, precise and smooth (top center, bottom center). Phenomena ensuring that this stabilization and regularization rely only on HP diffusion, even limited, and
are heuristically depicted on the right: misplaced cells or irregular boundaries will evolve according to the influence of their neighboring cells to yield a unique

possible outcome of the differentiation process.
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Fig. 4. Stability of the boundary to heterogeneous variations of the parameters. One-dimensional field made of 100 cells, diffusion constants aA=oB=10’4
and linear gradients. (Left) Stationary solution of the neural differentiation process with constant unit values of g, and gz, or heterogeneous values centered at 1
with a variance of 0.2 (20%). (Right) Histograms of boundary positions for 500 realizations of the process, for heterogeneity levels of 100% (variance 1, center) or

20% (right).

with small fluctuations across different cells. In the absence of
diffusion emerges a noisy boundary that is consistent with
the previous analysis. But even a very small diffusion leads to
a dramatic stabilization and regularization of the boundary, at a
location that depends only on the parameters of the system (strength
of the gradients and intensities of the reactions) but not on the choice
of the initial conditions (see Model in the supplementary material).

This dramatic regularization and stabilization of the boundary
position is a direct consequence of HP local diffusion (see Fig. 3,
right). First, in contrast with the cell-autonomous situation, diffusion
prevents the persistence of small isolates of one cell type, e.g. B, within
a large domain of the other cell type, e.g. 4. If such an isolate were to
appear, diffusions of 73 and 7, (out and into the isolate, respectively)
would rapidly translate into a ‘7,-takes-all” situation. In addition to
forcing isolated cells to adopt the identity of their dominant neighbors,
HP diffusion also contributes to the determination of a highly
conserved boundary position between territories 4 and B, even for a
large range of initial conditions. Indeed, as in the cell-autonomous
situation, the regions of high morphogen concentration rapidly
differentiate into the 4 or B type, thus anchoring the differentiation of
the field at both of its extremities. Closer to the future boundary, HP
diffusion extends the competing domains until the two fronts meet,
resulting in continuous and monotonous 7 and Ty gradients. Then
local competition based on HP local diffusion and the ability of the
two HPs to self amplify and to repress each other, will settle a smooth
boundary along the level sets of the morphogen gradients.

Stability of the front
In physiological conditions, several phenomena may occur and
perturb the position of the front. An important source of variability
comes from the heterogeneity of the cell population, and in
particular from the fact that the characteristics of gene expression
vary from cell to cell. Moreover, noise can arise from cell division,
cell death and random movements of the cells that modify the
sensed value of the morphogens, which may join their effects to
perturb the position of the boundary. In fact, the boundary location
predicted in the idealized model proves surprisingly resilient in all
these situations, as we now illustrate.

In order to quantify the sensitivity of the boundary location to the
heterogeneity of the cell population, we investigated the effect of
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having heterogeneous rates of self-activation and inhibition between
TFs (i.e. varying from cell to cell). These two parameters
completely characterize gene expression in a given cell in our
model. We considered, for example, these rates randomly chosen
according to a normal distribution, with mean g=1 and different
standard deviations A (see Fig. 4). The end-state for A=0.05 is
displayed in Fig. 4 (left) superimposed with the end-state in the
homogenous case A=0 (dashed line). We can observe that even if
the precise concentration levels in the different cells are modified
compared with the homogeneous predicted solution, the position of
the front barely changes. This is due to the very sharp drop
of concentration across the boundary. We quantified this stability by
looking at the distribution of the front location for 500 independent
realizations. The histograms of the front location are displayed in
Fig. 3 (right) for different values of the heterogeneity level. Even for
large values of the heterogeneity, the position of the front is
conserved relatively precisely. For example, for a noise on the
coefficients of A=0.05, the front position is barely modified
(maximal displacements of two cells); for A=0.2, although the
solution appears relatively different from realization to realization,
the front location remains relatively stable, with maximal errors of
10 cell ranks (on a total of 100 cells).

Cell division occurring during development may also result in
variations in the position of the boundary. In order to investigate this
effect, we simulate the system with a variable N that randomly
depends on time. N is set to 100 at initial time, and we consider that
one new cell appears as a Poisson process (i.e. cell division occurs at
independent exponentially distributed times). When a cell divides, it
shares its contents (number of TFs 7, and T3) between the two new
cells that conserve the same epigenetic marks as the mother cell
(here, transcription intensities D4 and Dp). A typical trajectory of
the front is depicted in supplementary material Fig. S4. Numerical
results show that the position of the boundary is barely modified by
this process: transient displacements of the boundary that may arise
when divisions occur close to the boundary are rapidly overcome,
as visible in supplementary material Movie 1. The stability of
the boundary location upon variations of morphogen activity
(parameters F, and Fjp) was analyzed in order to account for
possible random movements of the cells and fluctuations of the
environment [e.g. random arrival of morphogen molecules at their
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target and readout noise, see Gregor (2007a)]. Again, the front
remains stable with time, varying by, at most, a few cell ranks even
for large values of the noise (see supplementary material Fig. S4).

DISCUSSION
In this paper, we describe a parsimonious model for the formation
of boundaries within an epithelium. It is in the spirit of the seminal
paper where Lewis Wolpert proposed, almost 50 years ago, the
FFM to explain boundary formation and, in many ways, it extends
this model (Wolpert, 1969). We started with the idea that the
compartments created by a diffusing morphogen, as in the FFM, are
marked by the expression of secondary morphogens (not
morphogens in the presently most accepted term, but in the sense
coined by Turing) of the HP transcription factor family and
introduced two hypotheses: first, that HPs diffuse locally between
cells; second, that HPs on either side of a boundary activate
themselves and are reciprocal inhibitors (at the transcription level).
HP diffusion was indeed demonstrated in a number of biological
systems and situations (Brunet et al., 2007, 2005; Di Lullo et al.,
2011; Spatazza et al., 2013a,b; Stettler et al., 2012; Sugiyama et al.,
2008; Wizenmann et al., 2009; Kim et al., 2014; Miyata et al., 2012,
Yoon et al., 2012). In addition, the sequences responsible for HP
secretion and internalization are highly conserved between HPs
(Joliot and Prochiantz, 2004), supporting the idea that most HPs are
local ‘Turing’ morphogens. The second hypothesis is also
supported by a large number of experiments and is illustrated by
the fact that genetic gain or loss of function of one of the two
‘abutting” HPs results in a shift in boundary position (Millet et al.,
1999; O’Leary et al., 2007; O’Leary and Sahara, 2008; Puelles et al.,
2004; Toresson et al., 2000; Yun et al., 2001; Dessaud et al., 2008).
From a mathematical standpoint, the phenomenon of
disambiguation and stability of the boundary is relatively
surprising, because for arbitrarily small values of the diffusion
constants, most solutions present in the case o,=05=0 (no HP
diffusion) disappear in favor of a unique solution with precise
boundary location. The characterization of similar phenomena in
partial differential equations (PDE) in the small diffusion limit is a
very interesting mathematical problem and constitutes an active
field of research (Bages et al., 2012). It is actually possible to prove
that, in the continuous limit, the viscosity solutions of this equation
(i.e. asymptotic solutions in the limit where the diffusion tends
towards zero) present a unique and perfectly defined boundary.
Our model requires only three molecules to form a boundary (one
graded morphogen and two HPs). It is, thus, as parsimonious as the
FFM, while avoiding the introduction of explicit thresholds. Its
main advantage is that the robustness of the positioning of
boundaries is highly increased by the diffusion and reciprocal
inhibition HP properties. Our model can also be compared with that
proposed by Turing (Turing, 1952). Indeed, HPs can be considered

Fig. 5. Schematic description of the model of
neural differentiation. Transcription factor

Morphogen e
source synthesis is driven by external morphogens
\( B ) P organized along gradients (which form through

diffusion from different morphogen sources) and by
the dynamic competition of gene expression.
Diffusion of HPs to the nearest neighboring cells
takes into account the non cell-autonomous transfer
properties.

as morphogens in the sense of Turing because they amplify their
own expression, are reciprocal inhibitors and have non-local
properties. However, in the reaction-diffusion Turing’s model,
boundaries appear in a morphogenetic field due to dynamic
instabilities arising when the rate of diffusion of the two species
in competition are sufficiently different. The mechanisms by which
a biological system could be composed of species with very
different diffusion constants are still largely unknown. Moreover,
when Turing instability forms a pattern, the boundary location is
unpredictable. In sharp contrast, our model forms regular and
predictable patterns regardless of the respective value of the
diffusion of the two species. In other words, the diffusivity of the
species in competition do not need to be different to form a
boundary; moreover, the boundary forms at a precise position and
remains stable under variations of the initial conditions and
fluctuations of parameters.

By putting aside the ability of HPs themselves to form a gradient
through their iterative induction across a large territory that was
considered recently (Holcman et al., 2007; Kasatkin et al., 2008), we
have been able to base our developments only on solidly established
data and to neglect several parameters, thus giving direct access to the
comparison with the models proposed by Turing and Wolpert. If we
think of other models, such as those proposed by Hans Meinhardt, by
concentrating on HP local diffusion we could also make the economy
of the long-range inhibition hypothesis (Meinhardt, 1978, 1983,
1994; Meinhardt and Gierer, 2000). Indeed, our model does not
preclude that such long-range inhibitions take place, but does not need
itin the first place. Other studies have proposed that bistable dynamics
could be the source of reliable patternings (Lewis et al., 1977). Their
model is somewhat simpler in that it only considers auto-activation
(and ignores cross-inhibition) and the presence of a long-range
gradient. But the cells no more respond monotonically to gradients:
they have a more complex nonlinear dynamics that, over a certain
range of values of the morphogen gradient, can differentiate into
different populations. This bistability is naturally built into our model
and emerges from the competition between the two species. Yet, in the
absence of diffusion, any bistable system bears ambiguity on the
patterning: the boundary will, in particular, depend on the initial
condition (as in our system in the absence of diffusion). However,
similar to what we show here, adding a diffusion term in bistable
models such as proposed by Lewis et al. (1977) would allow
stabilization of the boundary.

This is actually a deep mathematical property. From a
mathematical viewpoint, the problem of neurodevelopment in the
presence of diffusing HPs is one of the few examples in which
biology led to the discovery of a universal mathematical property.
Motivated initially by the mechanism of gene expression described
here, we demonstrate that all competitive systems in the presence of
monotonic cues yield the formation of a stable and regular boundary
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between two abutting domains; this property is valid even at
arbitrarily low levels of diffusion (Perthame et al., 2014). This
mathematical result, beyond applications to other domains, has
major implications from a biological viewpoint. Indeed, it ensures
that the phenomenon of reliable pattern formation does not depend
on the details of the model under consideration, but only on a few
qualitative properties that are very natural in the context of
neurodevelopment.

Because HPs are very ancient molecules present in all phyla
(Derelle et al., 2007) and as transduction takes place in plants and
animals, it is speculated that this mode of signaling was operating in
the first multicellular organisms. In that sense, it may have preceded
other signaling mechanisms based on classical signaling entities
(e.g. growth factors and their receptors) and pathways. Indeed, in the
case of Bicoid (Dubnau and Struhl, 1996; Mayfield, 1996; Rivera-
Pomar et al., 1996), it was shown that internalized HPs could regulate
local translation (Alvarez-Fischer et al., 2011; Stettler et al., 2012;
Yoon et al.,, 2012). The recruitment, later in the evolution of
multicellular organisms, of classical signaling pathway is likely to
have added robustness to the formation of territories and to other
functions involving HP transduction. For example, it was shown that
the patterning of terminals from the retinal ganglion cells within
the tectum/superior colliculus depends on an interaction between
Engrailed HP and Ephrin/Eph signaling (Stettler et al., 2012;
Wizenmann et al., 2009). How HP and classical signaling pathways
have evolved in parallel and by interaction is of the highest importance
to understand the morphogenesis of multicellular organisms and its
evolution. In this context, proposing a parsimonious mechanism is a
first step in the further analysis of these complex phenomena.

MATERIALS AND METHODS
We now present the mathematical details of the model we have been
developing and using in our analyses and simulations.

Theoretical description

The model describes the time evolution of the quantities 7, and 7 in a
spatially extended neural tissue composed of N differentiating cells. Their
dynamics are the result of cell-autonomous mechanisms and non cell-
autonomous diffusion. Specifically, they satisfy the equations:

Time evolution Cell-autonomous mechanism Diffusion
d

G = Da(Fa(x) +9aTa) —SaTa(Ta+Tg) + 0alATy
d

Pl = Dg(Fs(x)+98Ts) —sgTa(Ta+Tg) + 0BATR

where F, and Fg represent the effect of the external cues (morphogen
gradients) on the expression of T, and Tg.

Cell-autonomous HP competition

The expression of the genes is the result of the competition between the
expression of the two combinations of genes modulated in our system by
gene expression capacities D, and Dy that evolve according to epigenetic
mechanisms that we discuss below. We take into account the following
phenomena (described for one combination of gene A; the same phenomena
is considered for B):

Morphogens stimulates TF expression:

d

— T4 = DyF,(x).

PR 4P (x)

The quantity F,(x) denotes the rate of production of 7, induced by the
morphogen on cells at location x. It is a monotonic function along a

developmental axis (gradient direction of the morphogen).
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The auto-inducer properties of TFs are taken into account by considering
that 7, stimulates its own expression with a positive rate g 4. This intensity is
modulated also by the gene expression capacity D

d
Ty—=Ty+Ty= ETA = guDuTy.
The cross-inhibition properties imply that the presence of 7 inhibits the
expression of 7, causing, in the cell, a decrease of the production rate of
T, at a certain rate S,. The simplest way to express this competition is to
write:

d d
TA+TB_)®§7TA:_SATATB and 7TB:_SBTATB'
dt dt
Finally, saturation of the number of proteins inside the cell is taken into
account by considering that the rate of production of the species decreases
when 7, exceeds a certain level. We choose here the logistic saturation
law that is classical to ecologists:

%TA = 7Sf4TA(1 — TA)

These equations characterize the expression dynamics within a cell. All
phenomena requiring gene expression occur at a rate that is scaled by a
coefficient D,, taking into account the epigenetic phenomena. This
coefficient accounts for the fact that the more one combination of genes is
expressed, the more likely it is to be expressed. This facilitation-inhibition
of the transcriptional activity results from the fact that D, is an increasing
function of 7, and decreasing function of Tj:

D, = G(Ty,Ts),
where the map G is such that, by convention:

G(0,y) =0, G(+00,y) = 1.

In this scaling, D, =1 corresponds to a maximal expression activity and
D=0 to no gene expression at all.

Non-cell-autonomous transfers

In addition to the cell-autonomous mechanisms, and given that homeoproteins
are endowed with direct non-cell-autonomous properties, we include in the set
of equations what we call a diffusion operator A. From a modeling viewpoint,
we incorporate in the dynamics of 7, and T the ability to be transferred to
neighboring cells. To emphasize this very local mechanism (Layalle et al.,
2011), we limit this diffusion to one cell in all directions. In detail, the time
evolution of the transcription factor level 7,(x) within the cell at location x is
added a nonlocal term corresponding to the exchange of transcription factors
from and towards the set of neighboring cells v(x) (the number of neighbors is
denoted |v(x)|):

%TA(X) = GAT(x,1(x)) := o | —[o(x)|Tu(x) + Y Tu(y)
yeu)

In other words, TFs have the ability to be transferred to all neighboring
cells at a rate o (the intensity in time of the transfer), creating outward inward
fluxes.

Acknowledgements

The authors warmly acknowledge Benoit Perthame for his help in the mathematical
analysis of the model and insightful discussions on the mathematical properties of
competitive systems that lead to the writing of Perthame et al. (2014).

Competing interests
The authors declare no competing or financial interests.

Authors contributions

C.Q. developed the model, performed the numerical simulations and mathematical
analysis, analyzed the data, and wrote the paper; A.P. conceived the study,
developed the model, analyzed the data and wrote the paper; J.T. conceived the
study, developed the model, performed the mathematical analysis and numerical
simulations, and wrote the paper.



RESEARCH ARTICLE

Development (2015) 142, 1860-1868 doi:10.1242/dev.113688

Funding

This study was funded by a grant from the Agence Nationale pour la Recherche
[ANR-11-BLAN-069467], by the Global Research Laboratory Program [2009-00424]
from the Korean Ministry of Educations, Science and Technology, and by an ERC
Advanced Grant HOMEOSIGN [339379].

Supplementary material
Supplementary material available online at
http:/dev.biologists.org/lookup/suppl/doi:10.1242/dev.113688/-/DC1

References

Alvarez-Fischer, D., Fuchs, J., Castagner, F., Stettler, O., Massiani-Beaudoin, O.,
Moya, K. L., Bouillot, C., Oertel, W. H., Lombés, A., Faigle, W. et al. (2011).
Engrailed protects mouse midbrain dopaminergic neurons against mitochondrial
complex i insults. Nat. Neurosci. 14, 1260-1266.

Ashe, H. L. and Briscoe, J. (2006). The interpretation of morphogen gradients.
Development 133, 385-394.

Bages, M., Martinez, P. and Roquejoffre, J.-M. (2012). How travelling waves attract
the solutions of KPP-type equations. Trans. Am. Math. Soc. 364, 5415-5468.

Briscoe, J., Pierani, A., Jessell, T. M. and Ericson, J. (2000). A homeodomain
protein code specifies progenitor cell identity and neuronal fate in the ventral
neural tube. Cell 101, 435-445.

Brodski, C., Weisenhorn, D. M. V., Signore, M., Sillaber, I., Oesterheld, M.,
Broccoli, V., Acampora, D., Simeone, A. and Wurst, W. (2003). Location and
size of dopaminergic and serotonergic cell populations are controlled by the
position of the midbrain-hindbrain organizer. J. Neurosci. 23, 4199-4207.

Brunet, I, Weinl, C., Piper, M., Trembleau, A., Volovitch, M., Harris, W.,
Prochiantz, A. and Holt, C. (2005). The transcription factor engrailed-2 guides
retinal axons. Nature 438, 94-98.

Brunet, |., Di Nardo, A. A., Sonnier, L., Beurdeley, M. and Prochiantz, A. (2007).
The topological role of homeoproteins in the developing central nervous system.
Trends Neurosci. 30, 260-267.

Derelle, R., Lopez, P., Guyader, H. L. and Manuel, M. (2007). Homeodomain
proteins belong to the ancestral molecular toolkit of eukaryotes. Evol. Dev. 9,
212-219.

Dessaud, E., Yang, L. L., Hill, K., Cox, B., Ulloa, F., Ribeiro, A., Mynett, A.,
Novitch, B. G. and Briscoe, J. (2007). Interpretation of the sonic hedgehog
morphogen gradient by a temporal adaptation mechanism. Nature 450,
717-720.

Dessaud, E., McMahon, A. P. and Briscoe, J. (2008). Pattern formation in the
vertebrate neural tube: a sonic hedgehog morphogen-regulated transcriptional
network. Development 135, 2489-2503.

Dessaud, E., Ribes, V., Balaskas, N., Yang, L. L., Pierani, A., Kicheva, A.,
Novitch, B. G., Briscoe, J. and Sasai, N. (2010). Dynamic assignment and
maintenance of positional identity in the ventral neural tube by the morphogen
sonic hedgehog. PLoS Biol. 8, e1000382.

Di Lullo, E., Haton, C., Le Poupon, C., Volovitch, M., Joliot, A., Thomas, J.-L.
and Prochiantz, A. (2011). Paracrine pax6 activity regulates oligodendrocyte
precursor cell migration in the chick embryonic neural tube. Development 138,
4991-5001.

Driever, W. and Niisslein-Volhard, C. (1988a). The bicoid protein determines position
in the drosophila embryo in a concentration-dependent manner. Cell 54, 95-104.
Driever, W. and Niisslein-Volhard, C. (1988b). A gradient of bicoid protein in

drosophila embryos. Cell 54, 83-93.

Dubnau, J. and Struhl, G. (1996). RNA recognition and translational regulation by a
homeodomain protein. Nature 379, 694-699.

Flanagan, J. G. (2006). Neural map specification by gradients. Curr. Opin.
Neurobiol. 16, 59-66.

Gregor, T., Tank, D. W., Wieschaus, E. F. and Bialek, W. (2007a). Probing the
limits to positional information. Cell 130, 153-164.

Gregor, T., Wieschaus, E. F., McGregor, A. P., Bialek, W. and Tank, D. W.
(2007b). Stability and nuclear dynamics of the bicoid morphogen gradient. Cell
130, 141-152.

Holcman, D., Kasatkin, V. and Prochiantz, A. (2007). Modeling homeoprotein
intercellular transfer unveils a parsimonious mechanism for gradient
and boundary formation in early brain development. J. Theor. Biol. 249,
503-517.

Hornung, G., Berkowitz, B. and Barkai, N. (2005). Morphogen gradient formation
in a complex environment: an anomalous diffusion model. Phys. Rev. E 72,
041916.

Joliot, A. and Prochiantz, A. (2004). Transduction peptides: from technology to
physiology. Nat. Cell Biol. 6, 189-196.

Joyner, A. L., Liu, A. and Millet, S. (2000). Otx2, gbx2 and fgf8 interact to position
and maintain a mid-hindbrain organizer. Curr. Opin. Cell Biol. 12, 736-741.

Kang, H.-W., Zheng, L. and Othmer, H. G. (2012). The effect of the signalling
scheme on the robustness of pattern formation in development. Interface Focus 2,
465-486.

Kasatkin, V., Prochiantz, A. and Holcman, D. (2008). Morphogenetic gradients
and the stability of boundaries between neighboring morphogenetic regions. Bull.
Math. Biol. 70, 156-178.

Kerszberg, M. and Wolpert, L. (2007). Specifying positional information in the
embryo: looking beyond morphogens. Cell 130, 205-209.

Kicheva, A., Bollenbach, T., Wartlick, O., Jiilicher, F. and Gonzalez-Gaitan, M.
(2012). Investigating the principles of morphogen gradient formation: from tissues
to cells. Curr. Opin. Genet. Dev. 22, 527-532.

Kiecker, C. and Lumsden, A. (2005). Compartments and their boundaries in
vertebrate brain development. Nat. Rev. Neurosci. 6, 553-564.

Kim, N., Min, K. W,, Kang, K. H,, Lee, E. J., Kim, H.-T., Moon, K., Choi, J., Le, D.,
Lee, S.-H. and Kim, J. W. (2014). Regulation of retinal axon growth by secreted
vax1 homeodomain protein. Elife 3, e02671.

Lander, A. D. (2007). Morpheus unbound: reimagining the morphogen gradient.
Cell 128, 245-256.

Layalle, S., Volovitch, M., Mugat, B., Bonneaud, N., Parmentier, M.-L.,
Prochiantz, A., Joliot, A. and Maschat, F. (2011). Engrailed homeoprotein
acts as a signaling molecule in the developing fly. Development 138, 2315-2323.

Lewis, J., Slack, J. M. W. and Wolpert, L. (1977). Thresholds in development.
J. Theor. Biol. 65, 579-590.

Marcon, L. and Sharpe, J. (2012). Turing patterns in development: what about the
horse part? Curr. Opin. Genet. Dev. 22, 578-584.

Mayfield, S. (1996). Double agent: translational regulation by a transcription factor.
Chem. Biol. 3, 415-418.

Meinhardt, H. (1978). Space-dependent cell determination under the control of a
morphogen gradient. J. Theor. Biol. 74, 307-321.

Meinhardt, H. (1983). Cell determination boundaries as organizing regions for
secondary embryonic fields. Dev. Biol. 96, 375-385.

Meinhardt, H. (1994). Biological pattern formation: new observations provide
support for theoretical predictions. Bioessays 16, 627-632.

Meinhardt, H. and Gierer, A. (2000). Pattern formation by local self-activation and
lateral inhibition. Bioessays 22, 753-760.

Millet, S., Campbell, K., Epstein, D. J., Losos, K., Harris, E. and Joyner, A. L.
(1999). A role for gbx2 in repression of otx2 and positioning the mid/hindbrain
organizer. Nature 401, 161-164.

Miyata, S., Komatsu, Y., Yoshimura, Y., Taya, C. and Kitagawa, H. (2012).
Persistent cortical plasticity by upregulation of chondroitin 6-sulfation. Nat.
Neurosci. 15, 414-422.

O’Leary, D. D. M. and Sahara, S. (2008). Genetic regulation of arealization of the
neocortex. Curr. Opin. Neurobiol. 18, 90-100.

O’Leary, D. D. M., Chou, S.-J. and Sahara, S. (2007). Area patterning of the
mammalian cortex. Neuron 56, 252-269.

Perthame, B., Quifiinao, C. and Touboul, J. (2014). Competition and boundary
formation in heterogeneous media: Application to neuronal differentiation. Math.
Models Methods Appl. Sci. (in press).

Puelles, E., Annino, A., Tuorto, F., Usiello, A.,, Acampora, D., Czerny, T.,
Brodski, C., Ang, S.-L., Wurst, W. and Simeone, A. (2004). Otx2 regulates the
extent, identity and fate of neuronal progenitor domains in the ventral midbrain.
Development 131, 2037-2048.

Raspopovic, J., Marcon, L., Russo, L. and Sharpe, J. (2014). Digit patterning is
controlled by a BMP-SOX9-WNT Turing network modulated by morphogen
gradients. Science 345, 566-570.

Ribes, V., Balaskas, N., Sasai, N., Cruz, C., Dessaud, E., Cayuso, J., Tozer, S.,
Yang, L. L., Novitch, B., Marti, E. et al. (2010). Distinct sonic hedgehog signaling
dynamics specify floor plate and ventral neuronal progenitors in the vertebrate
neural tube. Genes Dev. 24, 1186-1200.

Rivera-Pomar, R., Niessing, D., Schmidt-Ott, U., Gehring, W. J. and Jackle, H.
(1996). RNA binding and translational suppression by bicoid. Nature 379,
746-749.

Sheth, R., Marcon, L., Bastida, M. F., Junco, M., Quintana, L., Dahn, R,
Kmita, M., Sharpe, J. and Ros, M. A. (2012). Hox genes regulate digit
patterning by controlling the wavelength of a Turing-type mechanism. Science
338, 1476-1480.

Spatazza, J., Di Lullo, E., Joliot, A., Dupont, E., Moya, K. L. and Prochiantz, A.
(2013a). Homeoprotein signaling in development, health, and disease: a shaking
of dogmas offers challenges and promises from bench to bed. Pharmacol. Rev.
65, 90-104.

Spatazza, J., Lee, H. H. C., Di Nardo, A. A., Tibaldi, L., Joliot, A., Hensch, T. K.
and Prochiantz, A. (2013b). Choroid-plexus-derived otx2 homeoprotein
constrains adult cortical plasticity. Cell Rep. 3, 1815-1823.

Stettler, O., Joshi, R. L., Wizenmann, A., Reingruber, J., Holcman, D., Bouillot, C.,
Castagner, F., Prochiantz, A. and Moya, K. L. (2012). Engrailed homeoprotein
recruits the adenosine A1 receptor to potentiate ephrin A5 function in retinal growth
cones. Development 139, 215-224.

Sugiyama, S., Di Nardo, A. A., Aizawa, S., Matsuo, ., Volovitch, M., Prochiantz,
A. and Hensch, T. K. (2008). Experience-dependent transfer of OTX2
homeoprotein into the visual cortex activates postnatal plasticity. Cell 134,
508-520.

1867


http://dev.biologists.org/lookup/suppl/doi:10.1242/dev.113688/-/DC1
http://dev.biologists.org/lookup/suppl/doi:10.1242/dev.113688/-/DC1
http://dx.doi.org/10.1038/nn.2916
http://dx.doi.org/10.1038/nn.2916
http://dx.doi.org/10.1038/nn.2916
http://dx.doi.org/10.1038/nn.2916
http://dx.doi.org/10.1242/dev.02238
http://dx.doi.org/10.1242/dev.02238
http://dx.doi.org/10.1090/S0002-9947-2012-05554-1
http://dx.doi.org/10.1090/S0002-9947-2012-05554-1
http://dx.doi.org/10.1016/S0092-8674(00)80853-3
http://dx.doi.org/10.1016/S0092-8674(00)80853-3
http://dx.doi.org/10.1016/S0092-8674(00)80853-3
http://dx.doi.org/10.1038/nature04110
http://dx.doi.org/10.1038/nature04110
http://dx.doi.org/10.1038/nature04110
http://dx.doi.org/10.1016/j.tins.2007.03.010
http://dx.doi.org/10.1016/j.tins.2007.03.010
http://dx.doi.org/10.1016/j.tins.2007.03.010
http://dx.doi.org/10.1111/j.1525-142X.2007.00153.x
http://dx.doi.org/10.1111/j.1525-142X.2007.00153.x
http://dx.doi.org/10.1111/j.1525-142X.2007.00153.x
http://dx.doi.org/10.1038/nature06347
http://dx.doi.org/10.1038/nature06347
http://dx.doi.org/10.1038/nature06347
http://dx.doi.org/10.1038/nature06347
http://dx.doi.org/10.1242/dev.009324
http://dx.doi.org/10.1242/dev.009324
http://dx.doi.org/10.1242/dev.009324
http://dx.doi.org/10.1371/journal.pbio.1000382
http://dx.doi.org/10.1371/journal.pbio.1000382
http://dx.doi.org/10.1371/journal.pbio.1000382
http://dx.doi.org/10.1371/journal.pbio.1000382
http://dx.doi.org/10.1242/dev.066282
http://dx.doi.org/10.1242/dev.066282
http://dx.doi.org/10.1242/dev.066282
http://dx.doi.org/10.1242/dev.066282
http://dx.doi.org/10.1016/0092-8674(88)90183-3
http://dx.doi.org/10.1016/0092-8674(88)90183-3
http://dx.doi.org/10.1016/0092-8674(88)90182-1
http://dx.doi.org/10.1016/0092-8674(88)90182-1
http://dx.doi.org/10.1038/379694a0
http://dx.doi.org/10.1038/379694a0
http://dx.doi.org/10.1016/j.conb.2006.01.010
http://dx.doi.org/10.1016/j.conb.2006.01.010
http://dx.doi.org/10.1016/j.cell.2007.05.025
http://dx.doi.org/10.1016/j.cell.2007.05.025
http://dx.doi.org/10.1016/j.cell.2007.05.026
http://dx.doi.org/10.1016/j.cell.2007.05.026
http://dx.doi.org/10.1016/j.cell.2007.05.026
http://dx.doi.org/10.1016/j.jtbi.2007.07.026
http://dx.doi.org/10.1016/j.jtbi.2007.07.026
http://dx.doi.org/10.1016/j.jtbi.2007.07.026
http://dx.doi.org/10.1016/j.jtbi.2007.07.026
http://dx.doi.org/10.1103/PhysRevE.72.041916
http://dx.doi.org/10.1103/PhysRevE.72.041916
http://dx.doi.org/10.1103/PhysRevE.72.041916
http://dx.doi.org/10.1038/ncb0304-189
http://dx.doi.org/10.1038/ncb0304-189
http://dx.doi.org/10.1016/S0955-0674(00)00161-7
http://dx.doi.org/10.1016/S0955-0674(00)00161-7
http://dx.doi.org/10.1098/rsfs.2011.0116
http://dx.doi.org/10.1098/rsfs.2011.0116
http://dx.doi.org/10.1098/rsfs.2011.0116
http://dx.doi.org/10.1007/s11538-007-9246-5
http://dx.doi.org/10.1007/s11538-007-9246-5
http://dx.doi.org/10.1007/s11538-007-9246-5
http://dx.doi.org/10.1016/j.cell.2007.06.038
http://dx.doi.org/10.1016/j.cell.2007.06.038
http://dx.doi.org/10.1016/j.gde.2012.08.004
http://dx.doi.org/10.1016/j.gde.2012.08.004
http://dx.doi.org/10.1016/j.gde.2012.08.004
http://dx.doi.org/10.1038/nrn1702
http://dx.doi.org/10.1038/nrn1702
http://dx.doi.org/10.7554/eLife.02671
http://dx.doi.org/10.7554/eLife.02671
http://dx.doi.org/10.7554/eLife.02671
http://dx.doi.org/10.1016/j.cell.2007.01.004
http://dx.doi.org/10.1016/j.cell.2007.01.004
http://dx.doi.org/10.1242/dev.057059
http://dx.doi.org/10.1242/dev.057059
http://dx.doi.org/10.1242/dev.057059
http://dx.doi.org/10.1016/0022-5193(77)90216-8
http://dx.doi.org/10.1016/0022-5193(77)90216-8
http://dx.doi.org/10.1016/j.gde.2012.11.013
http://dx.doi.org/10.1016/j.gde.2012.11.013
http://dx.doi.org/10.1016/S1074-5521(96)90088-5
http://dx.doi.org/10.1016/S1074-5521(96)90088-5
http://dx.doi.org/10.1016/0022-5193(78)90078-4
http://dx.doi.org/10.1016/0022-5193(78)90078-4
http://dx.doi.org/10.1016/0012-1606(83)90175-6
http://dx.doi.org/10.1016/0012-1606(83)90175-6
http://dx.doi.org/10.1002/bies.950160906
http://dx.doi.org/10.1002/bies.950160906
http://dx.doi.org/10.1002/1521-1878(200008)22:8<753::AID-BIES9>3.0.CO;2-Z
http://dx.doi.org/10.1002/1521-1878(200008)22:8<753::AID-BIES9>3.0.CO;2-Z
http://dx.doi.org/10.1038/43664
http://dx.doi.org/10.1038/43664
http://dx.doi.org/10.1038/43664
http://dx.doi.org/10.1038/nn.3023
http://dx.doi.org/10.1038/nn.3023
http://dx.doi.org/10.1038/nn.3023
http://dx.doi.org/10.1016/j.conb.2008.05.011
http://dx.doi.org/10.1016/j.conb.2008.05.011
http://dx.doi.org/10.1016/j.neuron.2007.10.010
http://dx.doi.org/10.1016/j.neuron.2007.10.010
http://dx.doi.org/10.1242/dev.01107
http://dx.doi.org/10.1242/dev.01107
http://dx.doi.org/10.1242/dev.01107
http://dx.doi.org/10.1242/dev.01107
http://dx.doi.org/10.1126/science.1252960
http://dx.doi.org/10.1126/science.1252960
http://dx.doi.org/10.1126/science.1252960
http://dx.doi.org/10.1101/gad.559910
http://dx.doi.org/10.1101/gad.559910
http://dx.doi.org/10.1101/gad.559910
http://dx.doi.org/10.1101/gad.559910
http://dx.doi.org/10.1038/379746a0
http://dx.doi.org/10.1038/379746a0
http://dx.doi.org/10.1038/379746a0
http://dx.doi.org/10.1126/science.1226804
http://dx.doi.org/10.1126/science.1226804
http://dx.doi.org/10.1126/science.1226804
http://dx.doi.org/10.1126/science.1226804
http://dx.doi.org/10.1124/pr.112.006577
http://dx.doi.org/10.1124/pr.112.006577
http://dx.doi.org/10.1124/pr.112.006577
http://dx.doi.org/10.1124/pr.112.006577
http://dx.doi.org/10.1016/j.celrep.2013.05.014
http://dx.doi.org/10.1016/j.celrep.2013.05.014
http://dx.doi.org/10.1016/j.celrep.2013.05.014
http://dx.doi.org/10.1242/dev.063875
http://dx.doi.org/10.1242/dev.063875
http://dx.doi.org/10.1242/dev.063875
http://dx.doi.org/10.1242/dev.063875
http://dx.doi.org/10.1016/j.cell.2008.05.054
http://dx.doi.org/10.1016/j.cell.2008.05.054
http://dx.doi.org/10.1016/j.cell.2008.05.054
http://dx.doi.org/10.1016/j.cell.2008.05.054

RESEARCH ARTICLE

Development (2015) 142, 1860-1868 doi:10.1242/dev.113688

Toresson, H., Potter, S. S. and Campbell, K. (2000). Genetic control of dorsal-
ventral identity in the telencephalon: opposing roles for pax6 and gsh2.
Development 127, 4361-4371.

Turing, A. M. (1952). The chemical basis of morphogenesis. Philos. Trans. R. Soc.
Lond. B Biol. Sci. 237, 37-72.

Wizenmann, A., Brunet, ., Lam, J. S. Y., Sonnier, L., Beurdeley, M., Zarbalis, K.,
Weisenhorn-Vogt, D., Weinl, C., Dwivedy, A., Joliot, A. et al. (2009).
Extracellular engrailed participates in the topographic guidance of retinal axons
in vivo. Neuron 64, 355-366.

Wolpert, L. (1969). Positional information and the spatial pattern of cellular
differentiation. J. Theor. Biol. 25, 1-47.

Xiong, F., Tentner, A. R,, Huang, P., Gelas, A., Mosaliganti, K. R., Souhait, L.,
Rannou, N., Swinburne, I. A., Obholzer, N. D., Cowgill, P. D. et al. (2013).

1868

Specified neural progenitors sort to form sharp domains after noisy SHH signaling.
Cell 153, 550-561.

Xu, P.-F., Houssin, N., Ferri-Lagneau, K. F., Thisse, B. and Thisse, C. (2014).
Construction of a vertebrate embryo from two opposing morphogen gradients.
Science 344, 87-89.

Yoon, B. C., Jung, H., Dwivedy, A., O’Hare, C. M., Zivraj, K. H. and Holt, C. E.
(2012). Local translation of extranuclear lamin B promotes axon maintenance.
Cell 148, 752-764.

Yun, K., Potter, S. and Rubenstein, J. (2001). Gsh2 and pax6 play complementary
roles in dorsoventral patterning of the mammalian telencephalon. Development
128, 193-205.

Zilles, K. and Amunts, K. (2010). Centenary of Brodmann’s map—conception and
fate. Nat. Rev. Neurosci. 11, 139-145.


http://dx.doi.org/10.1098/rstb.1952.0012
http://dx.doi.org/10.1098/rstb.1952.0012
http://dx.doi.org/10.1016/j.neuron.2009.09.018
http://dx.doi.org/10.1016/j.neuron.2009.09.018
http://dx.doi.org/10.1016/j.neuron.2009.09.018
http://dx.doi.org/10.1016/j.neuron.2009.09.018
http://dx.doi.org/10.1016/S0022-5193(69)80016-0
http://dx.doi.org/10.1016/S0022-5193(69)80016-0
http://dx.doi.org/10.1016/j.cell.2013.03.023
http://dx.doi.org/10.1016/j.cell.2013.03.023
http://dx.doi.org/10.1016/j.cell.2013.03.023
http://dx.doi.org/10.1016/j.cell.2013.03.023
http://dx.doi.org/10.1126/science.1248252
http://dx.doi.org/10.1126/science.1248252
http://dx.doi.org/10.1126/science.1248252
http://dx.doi.org/10.1016/j.cell.2011.11.064
http://dx.doi.org/10.1016/j.cell.2011.11.064
http://dx.doi.org/10.1016/j.cell.2011.11.064
http://dx.doi.org/10.1038/nrn2776
http://dx.doi.org/10.1038/nrn2776


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage false
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 200
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.32000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.32000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    34.69606
    34.27087
    34.69606
    34.27087
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    8.50394
    8.50394
    8.50394
    8.50394
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


